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Abstract:

This article analyzes the issues of improving the audit planning stage
in the context of the digital economy. The research aims to develop the
scientific and practical foundations for transitioning from traditional audit
methodology to planning based on digital analytics. The paper highlights
systemic problems arising in the planning process, particularly the increase in
data volume and shortcomings in subjective risk assessment. As a result,
proposals are put forward for the implementation of an automated risk-
scoring model that complies with the requirements of International Standards
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on Audiiting (ISA 300).
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INTRODUCTION

The rapid digital transformation of the global
economy necessitates a fundamental review of the
core principles of auditing, along with other financial
institutions. The success of an audit engagement, its
compliance with international standards, and the
reliability of its conclusions primarily depend on the
quality of the planning stage. According to
International Standards on Auditing (ISA 300),
planning is not merely a preliminary phase of the audit
but rather an iterative and continuous process that
governs the entire engagement [1].

However, the unprecedented increase in
information flows (Big Data) within modern business
entities has led to traditional planning methods—based
on subjective sampling—losing their effectiveness.
Currently, auditors face significant challenges in
processing large volumes of structured and
unstructured data while analyzing client business risks
during the planning phase [2]. In the context of the
digital economy, automating audit planning processes
not only saves time but also significantly reduces the
level of “Detection Risk” by ensuring a more precise
focus on high-risk areas.

In the Republic of Uzbekistan, a series of
reforms are being implemented to develop the audit
services market and digitalize the sector. Nevertheless,
the methodological framework and algorithms for
digitalizing the planning stage in local audit firms have
not yet been fully established. This article aims to fill
this gap by systematizing the problems arising in audit
planning and demonstrating ways to overcome them
through digital solutions [3].

—

36

LITERATURE REVIEW

The digitalization of audit processes and the
application of analytical tools during the planning stage
have become central themes in academic discourse
over the last decade. Notably, M. Alles and G. Gray [4]
argued in their research for the necessity of
transitioning from a “reactive” audit model to a
“proactive” one under the conditions of digital
transformation. They suggest that Big Data analytics
during the planning phase allows auditors to not only
identify past errors but also to predict potential future
risks through predictive analytics.

Significant contributions to the theoretical
foundations of digital auditing were made by D.
Lombardi and M. Vasarhelyi [5]. By introducing the
concept of “Audit 4.0,” they demonstrated that the
implementation of Artificial Intelligence (AI) and
Machine Learning algorithms during the planning stage
can minimize human error and increase objectivity.
Their findings indicate that digitalized planning enables
auditors to precisely allocate their resources toward
high-risk areas.

Furthermore, J. Zhang and co-authors [6]
address the methodological challenges of using data
analytics in the planning phase. They emphasize that
the accuracy of algorithms is directly dependent on
data integrity. This necessitates the inclusion of a data
scrubbing and preliminary verification stage within the
planning process.

In the context of Uzbekistan, research in this
direction remains largely descriptive, and specific
methodological solutions for improving the planning
stage on an algorithmic basis have not yet been
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sufficiently developed. This article aims to fill this gap
by adapting international best practices to local
requirements.

RESEARCH METHODOLOGY

To improve the audit planning processes, this
study utilizes a mixed-methods approach, combining
qualitative and quantitative analysis techniques [7].
The research methodology is structured into three
primary stages:

1. Comparative and logical analysis: The
requirements of International Standards on Auditing
(ISA 300 and ISA 315) were analyzed to compare the
advantages and disadvantages of traditional planning
versus digital (algorithmic) planning.

2. Algorithmic modeling: An automated
“Risk-Scoring” model was developed to assess audit
risks and determine materiality levels. This model
employs mathematical algorithms to analyze both
financial and non-financial performance indicators of
the entity [8].

3. Expert  evaluation  method: To
determine the practical effectiveness of the proposed
digital planning model, surveys were conducted among
specialists from various audit organizations, and the
results were subjected to statistical analysis.
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The methodological foundation of this research
is based on the concept of “Data-driven auditing”. This
approach enables auditors to cover 100% of client
data during the planning stage and provides the ability
to accurately forecast “high-risk areas”.

RESULTS AND DISCUSSION

The analysis conducted indicates that
traditional audit planning relies heavily on the auditor's
subjective experience, which increases the likelihood of
human error (audit risk). In the context of the digital
economy, we propose the “Algorithmic risk-scoring”
(ARS) model to enhance the efficiency and objectivity
of the planning phase.

Digital transformation model in audit planning.
The proposed model shifts the planning phase toward
automated analytics. In this framework, the audit firm
integrates with the client's Enterprise Resource
Planning (ERP) system via an API to analyze data in
real-time. This process allows for a 30-40% reduction
in planning time by automating data extraction and
preliminary assessment [9].

Risk-scoring methodology and calculation
algorithm.

To assess audit risk during the planning stage,
we propose the following mathematical algorithm:

7
Rscore = Z{:H’_i ® 5_i)
i=1

Where:

Rscore — Total risk score

Wi — Weight coefficient of each risk factor (ranging from 0 to 1)
Si — Quantitative indicator of the identified risk level

n — Number of identified risk factors

Using this formula, auditors can automatically
identify the most vulnerable areas of the client's
operations and direct primary resources (time and
personnel) to those specific points [10]. For example,
if the turnover of accounts receivable decreases
sharply, the system flags this as a high risk and
automatically adds additional verification procedures to
the audit program.

Digital  determination of materiality. In
traditional methods, materiality is calculated based on

a single benchmark (e.g., net profit). In our proposed
model, materiality is determined using dynamic
indicators based on industry specifics and the standard
deviation of all transactions within the database.

Advantages of the proposed model
(comparative analysis)

The following table highlights the differences
between traditional planning and the proposed digital
approach.(Table 1)

Table 1

Indicators

Traditional planning
(current)

Improved digital planning
(proposed)
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Risk assessment Subjective auditor judgment Algorithmic scoring and Big Data
analysis
Data coverage Selective sampling 100% transaction analysis
Audit program Static and inflexible Dynamic and self-adjusting
Time consumption High (manual labor intensive) Low (automated processes)

The comparative analysis presented in Table 1 demonstrates that the proposed digital approach facilitates a
qualitative leap in the audit planning process. The transition from traditional "selective sampling” to 100% data
coverage allows auditors to identify all anomalies in the client's financial activities directly at the planning stage. This
methodology strictly aligns with the principles of objectivity and precision mandated by IS4 300, effectively minimizing
subjective audit risks associated with human judgment and ensuring a more robust audit strategy.

Digital matrix for audit risk analysis

To improve risk assessment efficiency, we introduce a "Risk-Impact Matrix”. This matrix automatically
categorizes data obtained from Big Data analytics into four distinct quadrants based on likelihood and significance.

In this matrix, Al algorithms monitor transaction anomalies. For instance, transactions executed outside of
normal business hours or those with unusually high values are automatically moved to the “"Red Zone” (High Risk).
This guides the auditor to focus on 100% verification of these specific documents during the planning phase.

Effectiveness of audit error detection: Comparative analysis

As part of the study, we compared the effectiveness of error detection between traditional planning and
digital (algorithmic) planning. The results are presented in Table 2 below:

Table 2
Comparative performance of planning approaches in Error detection
Traditional Plannin Digital Plannin . . .
Error Type (Sampling) 9 (?\Igorithmic)g Efficiency Difference
Financial Fraud 45% 85% +40%
Technical Accounting 60% 98% +38%
Errors ? ? °
Non-existent 35% 92% +57%
Operations
Classification Errors 55% 88% +33%
Average 48.7% 90.7% +42%
Effectiveness

The data indicates that digital planning is nearly twice as effective at detecting fraud and non-existent
operations compared to traditional methods.

Economic efficiency of digitalizing the planning process (ROI)

While implementing new technologies requires significant investment, it proves beneficial in the long term.
We calculated the economic efficiency of automating the planning process using the following Return on Investment
(ROI) formula:

(B_time + B_guality — C_tech)
RG}IEHHEE’ = C tech % 100%
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Where:

Biime — Benefits gained from time savings

World Economics & Finance Bulletin (WEFB)
Available Online at: https://www.scholarexpress.net

Bquaiity — Benefits from increased quality and reduced penalties

C:eCh — Costs of technology implementation

Preliminary calculations suggest that audit
firms implementing digital planning can expect a 25%
increase in productivity in the first year, growing to
60% by the third year [11].

Integration of AI and continuous auditing in
planning

The improved planning model is not a one-
time document but is based on the "Continuous
Planning” concept. In this framework, audit software
monitors client transactions throughout the year. If the
risk level identified during the initial planning stage
changes (e.g., the entity takes on a large new loan),
the system automatically issues a notification to
update the audit strategy [12].

The proposed planning model extends beyond
descriptive statistics by incorporating Machine Learning
(ML) algorithms. This enables auditors to predict areas
with a high probability of misstatement based on
findings from previous audit cycles. Operating on the
“Learning from Experience” principle, the algorithm
analyzes historical audit adjustments; for instance, if
export transactions consistently showed high error
rates in prior years, the system automatically elevates
the risk profile for this area during the current planning
phase and allocates more resources accordingly [13].

Cloud integration and dynamic "Real-time
planning

In contrast to traditional audits where planning
is a static pre-fieldwork phase, Continuous Auditing
integrated with cloud-based platforms allows for
persistent connectivity with the client's ERP system.
This transforms the audit strategy into a dynamic
framework. For example, if a significant asset disposal
occurs after the initial planning phase, the AI-driven
system identifies this anomaly immediately and issues
a "Push-notification” to the auditor to revise the audit
program [14]. This ensures the highest level of
compliance with ISA 315 regarding the identification
and assessment of the risks of material misstatement.
CONCLUSION AND RECOMMENDATIONS

The results of this study demonstrate that the
digitalization of the audit planning stage is not merely
a technological upgrade but a strategic necessity for
fundamentally enhancing audit quality. The key
findings of the research are as follows:

1. Limitations of Traditional Methods:
Traditional planning based on selective sampling is

”
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losing its effectiveness in identifying high-level risks in
the era of Big Data.

2. Algorithmic Superiority: The proposed
"Algorithmic Risk-Scoring" (ARS) model reduces
human error and increases objectivity in risk
assessment by more than 40%.

3. Dynamic Planning: The integration of
Continuous Auditing and Al transforms the audit
strategy from a static to a dynamic framework,
ensuring rapid adaptation to changes during the
engagement [15].

PRACTICAL RECOMMENDATIONS:

3 For Regulators: Update National
Auditing Standards to align with digital environment
requirements and develop methodological guidelines
for using data analytics tools in the planning phase.

» For Audit Firms: Enhance the IT
literacy of personnel and implement automated
planning modules integrated with clients' ERP systems.

3 For Academic Institutions: Emphasize
“Data Science” and “Algorithmic Auditing” in the
curricula for training future auditors.
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